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@ Agenda

DATA ALLIANCE

> Welcome, objectives of the meeting
> Round table

> Introduction to the Working Group

> Survey results

> Presentations from existing approaches
> DANS FAIR data assessment tool, FAIR checklist
> FAIR Metrics
> Data Stewardship Wizard
> RDA SHARC IG
> Dataset Fitness fddse
> ARDC FAIR se@lésessmentool

> Results of preliminary analysis
> How to contribute

> Logistics

> Conclusion
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@ Roundtable

> Short introduction of the chair and editor team

> All other participants, please type your name and
affiliation in the chat window
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@ Introduction to the Working Groul

DATA ALLIANCE

> Problem:
> Ambiguity and wide range of interpretations IBAIRness

> Lack of a common set of core assessment criteria and a
minimum set of shared guidelines

> Approach:

> Bring together stakeholders
> Build on existing approaches and expertise

> Intended results:
> RDA Recommendation of core assessment criteria
> Generic and expandable s@l§sessment model
> Seltassessment toolset
> FAIR data checklist
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@ Introduction to the Working Grow®

DATA ALLIANCE

> Target audiences:
> Researchers, data stewards, other data professionals
> Data service owners, e.g. infrastructure, repositories
> Organisations that manage research data
> Policymakers

> Connections:
> RDA Disciplinary Framework Interest Group
> RDA Domain Repositories Interest Group
> Other RDA groups

> Scope of the assessment:
> Datasets
> Datarelated aspects (e.g. algorithms, tools, workflows)

201902-21/22 www.rd-alliance.org @resdatall 5 GRC
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RDARS

DATA ALLIANCE

Any questions about thapproachoutlined?

Do youagree with the proposed approach and intended results?
Do you have other suggestions concerning the scope of the work

X
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>Work methodology

@ |ntroduction to the Workin

DATA ALLIANCE

g Grow®

Method step 1

Articulate
objectives

\ 4

Method step 2
Define

stakeholders and
users

Method step 3
Establish liaisons

with other RDA
groups

A 4

Method step 4
Identify and

analyse existing
approaches

Method step 5
Identify issues and

additional areas of
interest

Method step 6
Agree work

structure and time
plan

Method step 7
Consider each of

the FAIR principles
and their facets

\ 4

Method step 8
Compare and

consolidate
metrics per facet

4

Method step 9
Identify levels per

metric

Method step 10

Propose pathway | |

for improvement
per metric

Method step 11
Identify

dependencies,
overlaps and gaps

Method step 12
Harmonise

metrics across
FAIR areas

4

Method step 13
Identify overall

maturity levels
and pathways

Method step 14
Draft core

assessment
criteria

Method step 15

Method step 16

Method step 17

M Xistin Apply dr
ap existing ~ pply draft .| Compare results
approaches to > assessment > .
L and improve
draft assessment criteria to selected Lo
oo ) criteria
criteria collections

Method step 18
Finalise core

assessment
criteria

Method step 19
Describe overall

pathways/
guidelines

\ 4

Method step 20
Publish results

201902-21/22

www.rd-alliance.org @resdatall

[1 Definition

[0 Development
[ Testing

O Delivery




@ Introduction to the Working Group

DATA ALLIANCE

> Proposed approach to development

> Consider the assessment of the four FAIR principles in
F2dzNJ WaiN) yRAQ
> Possibly create a fifth strand for issues related to the
environment around the FAIR principles, e.qg.
> Characteristics of projects, workflows and tools
> Open vs. closed/embargoed data
> Curation, maintenance and governance
> Certification (what and who/how)

201902-21/22 www.rd-alliance.org @resdatall 8 o)
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@ Introduction to the Working Grouw®b

RESEARCH DATA ALLIANCE

> Tentative timeline2019

Workshop #1 [februanj Workshop #2 (faceo- Workshop #3 Jung
face at RDA1B[April]
AMethodology and L . i APresentation of results
scope ADiscussion on first set of ADiscussion

consolidated questions

Alnfrastructure issues -
per principle

ADocuments sharing

Q1

Issues and comments tracking

201902-21/22 www.rd-alliance.org @resdatall



@

iCH DATA ALLIANCE

Any questions about themethodology

Do you agreavith the proposed methodology?

201902-21/22 www.rd-alliance.org @resdatall



@ Survey results

DATA ALLIANCE

> Respondents

Big Data Readiness

FAIR Metrics

FAIR evaluator

Data Stewardship Wizard

FAIR data assessment tool

FAIR enough? Checklist to evaluBfdRneskr researchers
Checklist for evaluation of Dataset Fitness for Use
Support your Data

Fairness assessment tools for crediting/rewarding research data sharing
activities

> Some discussion items derived from the survey

> Scope of the assessment
> What does the tool asses§?.g. DMP, dataset, way of conducting research, anything]
> Crossdomain or domairspecific?

> Audience€le.g. researcher, repository manager, data librarian, data steward]
> Automation of the assessmente. what proportion to automate and how]|

> Certification[e.g. quality label, scoring system]

> Maintenance and governancge.g. GitHub]

> Guidancge.g. checklist]

WOW W W WV WV VWV
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@ Relevant initiatives

DATA ALLIANCE

> Presentation of existing approaches
> DANS FAIR data assessment tool, FAIR checklist
> Eliane Fankhauser, DANS
> FAIR Metrics
> Luiz Olavo Bonino, GBAIR

> Data Stewardship Wizard
> Rob Hooft, DTL

> RDA SHARC IG

> Laurence Mabile & Romain David, University of Toulouse
> Dataset Fitness for Use

> Jonathan Petters, Virginidech

> ARDC FAIR salésessment tool
> KeithRussell, ARDC

> Summary of lessons learnt and open issues
> Makx Dekkers, editor team

201902-21/22 www.rd-alliance.org @resdatall o)
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FAIRSFAIR

Fostering Fair Data Practices in Europe

)

Contributing to FAIR policy and practice In
the EOSC: The FAIRSFAIR Project

RDA FAIR Data Maturlty Model WG 1029 4 ot
First virtual meeting, 21/22 Februar' : |

- FAIRSFAIR *Fostering FAIR Data Practices In Europe” has received funding from the European
Union’s Horizon 2020 project call H2020-INFRAEOSC-2018-2020 Grant agreemen t 831558



FAIRSFAIR in a nutshell

O«

Budget: 10 million
euro

Time plan: 36 months
Start: March 1 2019
22 partners from 8 MS
6 core partners

Y FAIRSFAIR
Overall aim

A Development and concrete realisation of an overall knowledge
infrastructure based on the FAIR data principles on
academic quality

A data management
A procedures

A standards

A metrics ...

A Delivering FAIR aspects of essential Rules of Participation
(RoP) and regulatory compliance for participation in the EOSC

A Contribute to a FAIR infrastructure of the EOSC

A Implementation of recommendations from the EOSC HLEG and
the Expert Group on FAIR Data.



(Y FAIRSFAIR

WP2 (CSC)
=[RSy Sararies, (HEramaslifi s Gt FAIRSFAIR work and the FAIR
actices: osemantiCs, eroperapliity a ervices Data Maturity Model WG

~

WP3 (DCC) o] Te_ch_nical.imp!ementation of FAIR
principles: review of

commonalities and gaps
regarding semantic
interoperability, use of metadata
WP 4 (DANS) and I?IDS [VVP2., T2.1]

0 Mapping emerging data
AFAIR Certification assessment mechanisms with the
FAIR principles to develop
pragmatic concepts for FAIRness

AFAIR Data Policy and Practice

WP6 (STFC) evaluations at dataset level [WP4,
T4.5]
A Competence Centre 0 Badging scheme for assessing

the compliance of data resources
with the FAIR principles [WP4,
WP7 (EUA) T4.5]

0  Further development of FAIR data
AFAIR Data Science and Professionalisation & assessment tools including the

FAIRdat tool [WP4, T4.5]



https://www.surveymonkey.com/r/fairdat

. (Y FAIRSFAIR
Main challenges

ABeing coherent within the project (collaboartion accross WPS)
AServing an EOSC Governance structure under development

A Creating synergies with all FAIR related projects, initiatives and activities in
Europe and beyond
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FAIRNESS ASSESSMENT CHALLENGES

RDA FAIR Maturity Model d February 20 -21 2019




FAIR PRINCIPLES

FAIR



FAIRPRINCIPLES

Findable: Accessible:

F1. (meta)data are assigned a globally unique and persistent Al. (meta)data are retrievable by their identifier using a
identifier; standardized communications protocol;

F2. data are described with rich metadata; Al.1 the protocol is open, free, and universally

F3. metadata clearly and explicitly include the identifier of the implementable;

data it describes; Al.2. the protocol allows for an authentication and

F4. (meta)data are registered or indexed in a searchable authorization procedure, where necessary;

resource; A2. metadata are accessible, even when the data are no longer
available;

Interoperable: Reusable:

I11. (meta)data use a formal, accessible, shared, and broadly R1(meta)data are richly described with a plurality of accurate and

applicable language for knowledge representation. relevant attributes;

I12. (meta)data use vocabularies that follow FAIR principles; R1.1. (meta)data are released with a clear and accessible data

I3. (meta)data include qualified references to other usage license;
(meta)data; R1.2. (meta)data are associated with detailed provenance;

R1.3. (meta)data meet domaielevant community
standards;

https://www.nature.com/articles/sdata201618

FAIR



FAIR DATARINCIPLESMETADATA

Findable: Accessible:

F1. metadata are assigned a globally unique and persistent Al. metadata are retrievable by their identifier using a standardized
identifier; communications protocol;

F2. data are described with rich metadata; Al.Xhe protocol is open, free, and universally

F3. metadata clearly and explicitly include the identifier of the implementable;

data it describes; Al.2 the protocol allows for an authentication and

F4. metadata are registered or indexed in a searchable authorization procedure, where necessary;

resource; A2. metadata are accessible, even when the data are no longer
available;

Interoperable: Reusable:

I1. metadata use a formal, accessible, shared, and broadly R1. metadata are richly described with a plurality of accurate and

applicable language for knowledge representation. relevant attributes;

I12. metadata use vocabularies that follow FAIR principles; R1.1. metadata are released with a clear and accessible data

I3. metadata include qualified references to other metadata; usage license;

R1.2. metadata are associated with detailed provenance;
R1.3. metadata meet domairelevant community standards;

https://www.nature.com/articles/sdata201618

FAIR



FAIR DATARRINCIPLEEDATA/DIGITAL RESOURCES

Findable: Accessible:

F1. data are assigned a globally unique and persistent Al. metadata are retrievable by their identifier using a standardized
identifier; communications protocol;

F2 data are described with rich metadata; Al.xhe protocol is open, free, and universally

F3 metadata clearly and explicitly include the identifier of the implementable;

data it describes; Al.2 the protocol allows for an authentication and

F4. metadata are registered or indexed in a searchable authorization procedure, where necessary;

resource; A2 metadata are accessible, even when the data are no longer
available;

Interoperable: Reusable:

I1. metadata use a formal, accessible, shared, and broadly R1. metadata are richly described with a plurality of accurate and

applicable language for knowledge representation. relevant attributes;

I12. metadata use vocabularies that follow FAIR principles; R1.1. metadata are released with a clear and accessible data

I3. metadata include qualified references to other (meta)data,; usage license;

R1.2. metadata are associated with detailed provenance;
R1.3. metadata meet domairelevant community standards;

https://www.nature.com/articles/sdata201618

FAIR



FAIR DATARRINCIPLEESUPPORTINGLEMENTS

Findable:

F1. (meta)data are assigned a globally unique and
persistent identifier;

F2. data are described with rich metadata;

F3. metadata clearly and explicitly include the identifier
of the data it describes;

F4. (meta)data are registered or indexed ina  searchable
resource ;

Interoperable:

I1. (meta)data use a formal, accessible, shared, and
broadly applicable language for knowledge
representation ;

I2. (meta)data use vocabularies that follow FAIR
principles;

I3. (meta)data include qualified references to other
(meta)data;

Accessible:

Al. (meta)data are retrievable by their identifier using a
standardized communications protocol;

Al.1. the protocol is open, free, and universally
implementable;

Al.2. the protocol allows for an authentication and
authorization procedure, where necessary;

A2. metadata are accessible, even when the data are no
longer available;

Reusable:

R1. (meta)data are richly described with a plurality of
accurate and relevant attributes;

R1.1. (meta)data are released with a clear and
accessible data usage license ;

R1.2. (meta)data are associated with detailed
provenance;

R1.3. (meta)data meet domain -relevant community
standards;

https:// www.nature.com /articles/sdata201618

FAIR



FAIRNESS ASSESSMENT CHALLENGES

FAIR



WHYTOASSESS

A Because everybody is talking about FAIR and my resources should be
seen as FAIR, whatever this means?

A To satisfy funders requirements?

A To serve as a guideline for achieving higher levels of interoperability
and reuse with clarity on the concrete benefits (help improve)?

FAIR



WHATTOASSESS

A Metadata and data?

A Only metadata?

A Only data?
A What do you mean by data?

A In the FAIR principles, data refers to a variety of different resources, e.g.,
otraditional 6 dat a, services, softwar e, AP I

FAIR



HOWTOASSESS

A Manual
A Takes advantage of human understandable artifacts, which are currently
prevalent
A May lead to subjective assessments and, therefore, harder to compare
resources

>

Harder to scale

Harder to evaluate FAIR for machines, which is the main goal of the FAIR
principles

A Automatic

A Requires more rigor on the assessed resources

A More likely to produce objective assessments
A Easier to scale

AAbl e t o check i1 f machi nes can

>

, I n fact

- FAIR



HOWTOCREAD THEASSESSMENTS?

A Need for a scoring system
A One score for as 4 aspects of FAIR? Does not seem useful.
A One score per aspect (F, A, I and R)?
A One score per principle? What about the sub-principles?
A

Is there a hierarchy among the principles? Is there an order of precedence? Or different
weights?

A Is there an acceptable minimal FAIR level? Should it be across domains and applications
or domain/community -dependent?

A Do we use a pass/fail approach or introduce intermediary compliance levels in
each/some evaluation?

A Need for a visual representation of the scores

A To facilitate quick perception of the FAIRnesdevel, a visual representation of the FAIR
scores is required, e.g., stars, bars, etc.

o FAIR



GENERACHALLENGES

A

p

> > >

Clarify that nobody has been asked to be 100% FAIR. Many times a lower
FAIRnesslevel is perfectly adequate.

How to deal with the conflicting forces that, from one side want to push

the communities towards a better (and  FAIRer) data landscape and,

from the other side, want to preserve the status quo (existing
okingdomsdé) but | abeling themselves F

Who will define the assessment criteria?
Who will execute the assessments based on the defined criteria?

Should we have a unique set of assessment criteria? Or a core set for
general comparison and domain -specific sets on top of the core for the
specific needs of a given domain/application?

FAIR
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p>)

p>)

p>)

Moving-from metrics to maturity indicators

The Maturity Indicator tests are also going to be "incremental”. e.g. for the new |
indicators there are "weak" and "strong" forms... with loose interpretation of
"knowledge r e pr esent ati on | a nvgsirang iatérprgtation .e. RDFC S V)

Full set of fully automatic evaluators almost complete
Clear separation between the evaluation of metadata and data

Used (together with the Data Stewardship Wiz
involving Dutch  ZonMW and Irish Health Research Board

FAIR



Q&AZ CONTACT INFO

L Leiden University
C Medical Center

| uiz Bonino

International Technology Coordinatog GO FAIR
Associate ProfessoBioSemanticg LUMC

E-mail:luiz.bonino@go-fair.org
Skype:luizolavobonino
Web:www.go -fair.org

FAIR
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REPUBLIC

MOTIVATION FOR DATA STEWARDSHIP WIZARD

A Software tool for Smart Data Management Plans for
FAIR Open Science

A Help researcher with Data Management

A Smart questionnaire system
A EXxpert system DSW
A Not: fulfil requirements

A Target audience: DATA STEWARDSHIP WIZARD
A Researcher (awareness of options, pointers)
A Data Steward (checklist)
A Data Expert (being found)

A Funder (evaluate DMP) https://ds -wizard.org /

>
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NETHERLANDS CZECH
REPUBLIC

ETTEETD Design of experiment

Before you decide to embark on any new study, it is nowadays good practice to consider all
options to keep the data generation part of your study as limited as possible. It is not because

we can generate massive amounts of data that we always need to do so. Creating data with
public money is bringing with it the responsibility to treat those data well and (if potentially
useful) make them available for re-use by others.

Design of experiment «

Data design and planning g

Before Submitting the Proposal $

Is there any pre-existing data?

Data Capture/Measurement 4 .
Are there any data sets available in the world that are relevant to your planned research?

”~ - Ll
/ \ I I I e ra r C I l I C aI Data processing and curation v ™ Desirable: Before Submitting the DMP

R N & Data Stewardship for Open Science: atq
Data integration v

7' No
Data interpretation s

A Based on mind -map e e

O Clear answer

A R e | eV a n t q u e S t i O n S i n Summary Report Will you be using any pre-existing data (including other people's data)?

Will you be referring to any earlier measured data, reference data, or data that should be
mined from existing literature? Your own data as well as data from others?

context g e
A No attempt to limit it

A Links to supporting
mate ri aIS and eXpe rts Is there pre-existing data?

What's up?

]
A L O C aI I Z a b I e - ad d O u r For many decades if not centuries, virtually every experiment started with the collection or creation of 'cbservations’ and in fact data. In social
™ sciences and humanities the tendency to 'reuse’ data that had been created earlier, in all kinds of surveys and increasingly of course from sources
such social media maybe already somewhat more established. However, in many of the hard experimental sciences, the generation of new data
specifically generated to answer a hypothetical question is still so commonplace that careful thinking about the actual need to generate new data
may just not be on the radar screen. Obviously, data creation will need to continue, but increasingly we have to ask the question whether such new
O C a e X p e r S a n data are absolutely necessary to answer the question we want to answer. With more and more data becoming available in reusable format, there
may well be existing data collections 'Other People's' Data and associated Services (OPEDAS) that without or with some extra effort needed, can

answer at least part of the question or least may be crucial for the interpretation of your own data.

Intranet resources Do

« Search For data sets (OPEDAS) that may be re-usable and can help you to reduce the number of new data sets you may have to generate (and

) No

With kind permission of

% Data Stewardship for Open Science: Chapter 1.1 CRC Press

Taylor & Francis Croup
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Data design and planning

METRICS FOR FAIR Answered: 25/28

DT L ‘ .\.,% EIM elixir

CZECH
REPUBLIC

A No dedicated questions

Metric Measure
to probe the FAIR
metrics Findability 0.00
A : : ccessibil o0
A Instead : Every question Accessibllly 100
helps to measure interoperability 100 (NI
A Fully based on answers Reusabilty ~ 0gs (NG
In the questionnaire
Good DMP 1.00
Practice
Openness 0.00



DTL |35 =iy

DMP

A No dedicated questions
to fill a DMP template

A Instead : template
engine (under
development) uses the
answers in the wizard to
write a required DMP

A Fully based on answers
In the questionnaire

NETHERLANDS CZECH

elixir

REPUBLIC

4 Science Europe DMP

Organization: ELIXIR Global

Based on: Common ELIXIR Knowledge Model, 1.0.0
Project phase: Before Submitting the Proposal

Created at: 15.02.2019

SCIENCE /28
EUROPE

Data Collection

What data will you collect or create?

The following instrument datasets will be acquired in the project:
+ Genomic data

This dataset will be collected by an external party. For the ownership of the data we have made the following

arrangements: "Ownership will

'stay with the external party for five years and then transfer to our library.". The equipment is very well described and known.
« Proteomics data
This dataset will be collected by exparl in the project, with ol i The i is less well or not
standard, so we will need to take extra care documenting the pmmss

We also collect data from qu esn nnaires, c report forms, and electronic patient records.

We will use|h following reference datasets:
« GRCh37lite

‘We will use version "1.0.0-rc139" of this dataset. If a new version becomes available during the project, new analyses will be done with the

new version.
« GENCODE
‘We will use version "2.0.0" of this dataset. If a new version becomes available during the project,
We will use the following already existing non-reference datasets:

+ Last year's experimental data
+ Statistics made by FIT CTU

Data Plan by Data ‘Wizard <hiips:/ds- d.org:
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EXPERIENCE / LESSONS LEARNED / OPEN ISSUES

Worked on components (mind map) since 2013
Very successful NL/CZ collaboration with clear task split

Currently advertised as oOsourc
a DMPO for researcher writing

Many ideas on how the wizard can be further improved
Interest in approach from many academic organisations
Installation/collaboration at companies (e.g. DSM)

Broad interest but adoption of new approach takes time
Concrete plans with ZonMw funder  (+HRB, Science Europe)
Acquisition of funding for further development

> >» D>

>» >» > >» D> >



RDA-SHARC fairness assessment tools
for crediting/rewarding scientists data sharing activities

CONTEXT: the rda-SHAring Reward & Credit ig, Corresponding authors : R. David, L. Mabile, A. Cambon-Thomsen

What for? to foster data sharing by improving recognition of the work required

How? by providing a set of recommendations to guide researchers and other relevant stakeholders (research
institutions administrators, funders, policy makers and publishers/editors) in moving through the necessary steps towards
crediting and rewarding in the data/resources- sharing process (in progress); and to encourage the adoption of data sharing
activities- related criteria in the research evaluation process at the institutional, national and European/international levels.

As part of it, 3 human readable assessment tools are under development that will assess semi-
guantitatively the fairness knowledge & practices of scientists:

1.1 extensive FAIRNness external assessment grid
52 criteria so far
1.2 simplified FAIRness external assessment grid (can be used as a quick self-assessment grid)
18 essential criteria
https://zenodo.org/record/2551500#. XGK4lIxKg2w
2.2 extensive checklist for fairness self-assessment (adapted from the 2 previous grids)



https://zenodo.org/record/2551500#.XGK4llxKg2w

) FINDABLE (8 assential critaria)
Indexed identifier 7
ok

Mowar/NA _ If Mandatory  Sometimes  Always

s et bl o b

MawariNA ~ If Mandatory ~ Sometimes — Always

1D schema?

Nower/NA ~ If Mandatory ~ Sometimes ~ Always

HewerNA ~ If Mandstory ~ Sometimes ~ Always ‘

o e bt o s g w e ot

Fairness assessment grids

Objectives : credit & reward for FAIRness in researchers sharing behaviors

Motadata & authorisy lmked 7
. [TR———.
HeverA _ If Mandatory - Sometimes - Always

Datasets linkad to authortly 7
(R

* NeveriNA ~ If Mandatory ~ Somebmes — Always

Standardsidictionary for data description?
Matniat sascriar aia saninataty
Newer/NA _ If Mandatory  Sometimes _ Always

| Data formatiyps description?

| Maincats smscapton st saarc oty

Mewer/NA  If Mandatory  Sometimes  Always ‘

o it f

Result for Findable:

/i NeveriMA @ W Mandatory /5 Somelimes /5 Always.

2) ACCESSIBLE (3 ¢

Data repasionies
Aepontory.

MovaribA M Mandatory  Somatimes  Always
oo v v e e et

Efficiant and rleh services for varkous uses & users?
ks oty art nervces

Mowar/NA _ If Mandatory  Sometimes  Always
L= S i

[rsp—

Mever/NA ~ If Mandatory ~ Sometmes ~ Always

Rkl For Accassible: - Naver/NA 5 1 Mandatory 7 Somalimes 3 Always

3) INTEROPERABLE (2 essental criteria)

Standard vocalbularies, thesaurus, ontolagies or data dictionary T
[s—
- Newer/Na - IF Mandstory - Sometimes _ Always

Interoperability criteria sxplained?
Lsectcabcn

i sy s st

Nover/la It Mandatary  Sometimes  Always ‘

eyt for Intaroparablity: 7 Naver/NA /7 W Mandatory 7 Sometimes (7 Always

4] REUSABLE (5 essential criteria)

Relevant acbions for data reuse patential?
mmmmm

 Never/NA ~ If Mandatory ~ Sometimes ~ Always

Pravenance far row and transformed data?
mmmmmm

“ Never/NA ~ If Mandatory ~ Sometimes ~ Always

[Infrmation an mathads and foots that parmt the undarstanding, Integrity of data?
Moty sk NoverlNA  if Mandatory  Sometimes  Always

. o
nptom T g .

.....

Legal reuse restriction properly justificd?
Pty ight

MeverlNA I Mandatory  Sometimes © Always

e e o e . o oA e

Result for Rousable: % MavaritA " If Mandatory /5 Somatimes .\ Atways.

TOTAL FAIR simple criteria evaluation results:

“isices i b provites acooning tn e crtee peedom ety obe e

-> necessity to improve FAIRness (understandable and step by step processes)

Main properties:

As simple as possible (understandable by non IT people)

Easy to complete (due to FAIR skills availability in evaluation processes)
Based on informations given by researchers in careers doc / activity reports
CC author license (can be reused by anyone at the end of the implementation)

O¢ O¢ O¢ O«

Assessment process: leading to recommendations to improve fairness

0 Designed as a decision tree in each FAIR Principle
0 3 Level of criterion importance : essential / recommended / desirable
0 4 possible answers/criteria:
Never/NA If Mandatory Sometimes Always
0 Evaluation based on scoring each answer for each F.A.l.R. principle
ex: Findable 2/8 Never/NA; 3/8 If Mandatory; 1/8 Sometimes; 2/8 Always
0 Recommendations based on this scoring



Mever/NA ~ It Mandatory ~ Sometimes ~ Always ‘

Recsist For Accasaible: 7 Nawer/NA 5 1 Mandatory @ Somelimes 7 Always

3) INTEROPERABLE (2 essentlal criter ria)
Standard vocabulasies, hesaurus, ontolagies or data dictionary?
barstcaten
- MoverNA _ If Mandatory  Semetimes _ Always

HeverlNA Il Mandatory | Somelimes | Always ‘

Besub for Interoperabilily: 17 Mavar/NA 17 1f Mandatory 7 Sometimes (7 Always

4] REUSABLE (5 essentlal criteria)

Rolevant actions for data reuse patential?
mmmmm
 MeveriNA ~ H Mandstory ~ Sometimes ~ Always

Provenance far row and transformed data?
O vassataty
“ MeveriNA ~ H Mandatory ~ Sometimes. ~ Always

Information on matheds and fooks that permsit the understanding, (ntegrity of data?
[Prmmmtlily tonke MoverMA  HMandatory  Sometimes  Always

e e,

MaveriNA I Mandatory  Somstimes | Alwa s

Doracwa s

Logal reuse restriction properly justified?
5 MeverNA I Mandatory ~ Sometimes  Always

uuuuu

Lessons learnt from the first tests:

Fairness assessment grids

0 Essential criteria not always understandable without training
Implementation of some criteria can be time consuming / need
technical advisor / operator

~

0

Possible open issues:
Develop iterative assessment of the researcher FAIRness

0

0

Literacy

Help identify needs to build FAIRness guidelines for a better

researcher sharing capacity
(based on rewards and credits / How to do and step by step tools)

Next steps:
Upcoming SHARC-survey launch to evaluate the external assessment extensive
grid usability: please participate!

0

O¢ O«

RDA P13

Shar co6s

session:

pl ease

attend

Tools experimentation in specific networks (IMI FAIRplus; BiodiFAIRse; Citizen

science

net wor ks é)



WDS/RDA Assessment of Data Fithess for Use W(

Goals:

A Specify criteria of dataset reusability expanding on FAIR principle

A Develop process by which a repository/data provider could asses
their holdings for reusability

Outputs:
A Criteria for fitness for use, compared agaifstre TrustSeal
requirements and FAIR principlesreadsheet)

A Checklist for evaluation of dataset for fitness for Gsam) (pdf)
A designed as &oreTrustSealertification addon

FAIR Data Maturity Model Feb 2019 Jonathan Petters, WG €0hairjpetters@vt.edu



